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This study investigates the mediating role of business intelligence and 
employee engagement in the relationship between human resource 
management (HRM) practices and the enhancement of job performance 
quality in Jordanian public universities. It employs a quantitative 
approach, utilizing both descriptive and analytical methods. Data is 
collected through a questionnaire and was subjected to analysis by using 
PLS-SEM). 429 employees participated in this study at the managerial 
level. The results highlight positive and statistically significant indirect 
effects of predictor variables (including Planning, Recruitment and 
Selection, Reward and Incentive, and Training and Development) on Job 
Performance through Business Intelligence and Employee Engagement. 

 

INTRODUCTION 

In contemporary organizations and universities, the human aspect is increasingly recognized as a 
crucial factor in determining institutional performance quality. The need for effective management 
of individuals, enhanced human resources management practices, and the strategic integration of 
modern technology to support human capital is now a primary focus (Barak and Masrad, 2022). This 
marks a significant shift from earlier decades, where the emphasis was more on machinery, 
technology, and materials, often at the expense of considering the human element's abilities, 
emotions, development, and potential (Qais and Muhaibis, 2022). 

Today, human resources are central to organizational development and growth, transitioning from 
being viewed as mere tools of production to being seen as invaluable assets. They carry knowledge, 
expertise, and experience that are crucial to an organization’s success (Khaled, Faten, 2022). The 
recognition of these individuals as "the most important resources" rather than "costs" necessitates a 
reevaluation of their role in achieving organizational objectives. Despite their significance, Jordanian 
universities face challenges in managing human resources, partly due to the rapid expansion of 
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higher education over the past thirty years. This growth, primarily focused on quantity rather than 
quality, has perpetuated traditionalist approaches, limiting improvements in the educational system. 
Such conservatism restricts these institutions' ability to adapt to modern requirements and meet the 
growing demand for higher education (Jaradat, 2019). 

This research investigates the role of human resources management practices in enhancing job 
performance quality in Jordanian public universities, with a particular focus on the mediating effects 
of business intelligence and employee engagement. It aims to explore how these factors contribute 
to the universities' success in achieving their specific goals. 
 

LITERATURE REVIEW 

The essence of human resources management 

Human Resource Management (HRM) practices are a broad array of practices, policies, and systems 
designed to positively influence the behavior, attitudes, and performance of organizational members 
(Al-Wahshi and Afaf, 2020). These practices involve strategic activities for acquiring, retaining, and 
motivating employees, ensuring they contribute effectively and energetically. This approach 
nurtures a cooperative and supportive team environment conducive to peak productivity. 

HRM is a multidimensional domain, encompassing a suite of functions, activities, and programs that 
include defined tasks, duties, and responsibilities all aimed at clear objectives. Specialized HR 
departments, under the stewardship of dedicated managers, undertake these activities, focusing on 
strategic planning, execution, monitoring, and coordination (Wang et al., 2022). According to Lenart-
Gansiniec et al. (2023), HRM practices serve as a vehicle for executing human resource strategies, 
with the ultimate goal of bolstering organizational and functional performance, as well as enhancing 
the capabilities, skills, and knowledge of employees to meet strategic goals. Central to these practices 
are human resources planning, recruitment and selection, training and development, and rewards 
and incentives. 

Human resources planning, detailed by Sobaih & Gabry (2019) and Manuti et al. (2020), involves 
strategic forecasting of an organization's future requirements in terms of human resources, aligning 
with both internal and external environmental factors and expected changes. Following this strategic 
forecasting, the recruitment and selection processes identify and select the most qualified candidates 
in a timely manner to fill organizational roles (Paillard & Noe, 2015). 

Training, as outlined by Blom et al. (2020), is crucial for bridging the gap between current employee 
skills and job requirements, enhancing employee performance and contributing to organizational 
success. Moreover, Husnain et al. (2023) underscore the significance of rewards and incentives in 
fostering job satisfaction, encouraging superior effort, and attracting and retaining top talent, 
highlighting their critical role in organizational performance. 

Job performance 

Job performance, as explored by Ahmed and Lubna (2021), Ding and Liu (2023), and Tian and Guo 
(2023), encompasses accuracy, decision-making timeliness, innovation in problem-solving, and the 
overall effort an employee contributes towards achieving organizational objectives. The relationship 
between behavior and performance is complex, with varying influences on organizational outcomes 
(Melhem and Alsukkar, 2023). Nye and Wee (2022) argue that effective training and a supportive 
environment are pivotal for enhancing employee satisfaction and performance, while Osama (2022) 
highlights the strategic importance of continuous improvement and knowledge management in 
maintaining competitive advantage. 

Business intelligence in HRM 
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Business Intelligence (BI) integrates methodologies, processes, models, techniques, and tools for 
converting data into actionable intelligence, thereby facilitating informed decision-making across 
strategic, tactical, and operational levels (Hurbean & Danaiata, 2023). In the realm of HRM, BI is 
leveraged for data management, analysis, and predictive modeling to support both strategic and 
operational decision-making processes, merging essential resources like information and people to 
bolster organizational performance (Dias & Sousa, 2015; Rocha et al., 2015). Effective BI integration 
within HR processes is crucial for real-time talent management and adaptability (Nocker & Sena, 
2019). 

Employee engagement 

Employee engagement is pivotal for involving staff in psychological and social activities, decision-
making processes, and fostering a motivated and productive workforce (Jiang & Shen, 2023). This 
engagement is instrumental for retaining talent, ensuring customer loyalty, and enhancing 
organizational performance (Budriene and Diskiene, 2020). HRM plays a vital role in understanding 
and nurturing employee engagement, with a significant correlation between engagement levels and 
organizational success (Guest, 2014; Bakker and Demerouti, 2014). 

The literature highlights the nuanced relationship between HRM practices, business intelligence, and 
employee engagement, emphasizing their collective impact on job performance. While the studies 
offer insights into the effectiveness of HRM strategies, they also signal the need for context-sensitive 
research, especially considering the unique challenges across different industries and geographic 
regions. This body of work underscores the complexity of these relationships and the pivotal role of 
HRM in fostering an environment conducive to engagement, performance, and organizational 
success. 

HYPOTHESES DEVELOPMENT 

HRM and job performance 

The relationship between HRM practices and job performance has been extensively explored, with a 
focus on planning, recruitment and selection, training and development, and rewards and incentives. 
These practices are critical in shaping an organization's human resources strategy and have been 
linked to improved job performance (Sobaih & Gabry, 2019; Manuti et al., 2020; Paillard & Noe, 
2015). ). Lenart-Gansiniec et al. (2023) highlight the strategic nature of these practices in enhancing 
organizational performance, suggesting that well-designed HRM practices could significantly impact 
job performance, mediated by factors like business intelligence and employee engagement. This 
suggests the hypothesis that HRM practices have a statistically significant impact on job performance, 
potentially mediated by business intelligence and employee engagement. 

Business intelligence in HRM 

Business Intelligence (BI) plays a crucial role in transforming data into actionable insights, thereby 
enhancing decision-making processes within HRM (Hurbean & Danaiata, 2023). The integration of 
BI in HRM is seen as essential for modern organizations, aiding in strategic planning and operational 
decisions (Dias & Sousa, 2015; Rocha et al., 2015). This underscores the hypothesis that BI mediates 
the relationship between HRM practices and job performance, enabling organizations to leverage 
data for strategic advantage. 

Employee engagement and performance 

Employee engagement is integral to organizational success, influencing job satisfaction, productivity, 
and ultimately, job performance (Jiang & Shen, 2023; Budriene and Diskiene, 2020). Engaged 
employees are more likely to exhibit higher levels of job performance, suggesting that employee 
engagement can mediate the impact of HRM practices on job performance. This is supported by 
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research indicating a positive correlation between HRM strategies, employee engagement, and 
performance outcomes (Guest, 2014; Budriene and Diskiene, 2020). 

Based on the literature reviewed, it is hypothesized that HRM practices have a significant impact on 
job performance, and this relationship is mediated by both business intelligence and employee 
engagement. Specific aspects of HRM practices, such as training and development, planning, 
recruitment and selection, and rewards and incentives, are expected to influence job performance 
through these mediators. This integration of hypotheses within the literature review emphasizes the 
multifaceted impact of HRM on job performance and the crucial roles of BI and employee engagement 
in this relationship. 

H1: HRM practices have a statistically significant impact on Job Performance through the mediation 
of Business Intelligence and Employee Engagement at the statistical significance level of (a≤ 0.05). 

H1.1: There exists a positive influence of training and development on job performance through the 
mediation of business intelligence at  (α≤0.05). 
H1.2: There exists a positive influence of planning on job performance through the mediation of 
business intelligence at (α≤0.05). 
H1.3: There exists a positive influence of recruitment and selection on job performance through the 
mediation of business intelligence at (α≤0.05). 
H1.4: There exists a positive influence of reward and incentive on job performance through the 
mediation of business intelligence at (α≤0.05). 
H1.5: There exists a positive influence of planning on job performance through the mediation of 
employee engagement at  (α≤0.05). 
H1.6: There exists a positive influence of reward and incentive on job performance through the 
mediation of employee engagement at (α≤0.05). 
H1.7: There exists a positive influence of training and development on job performance through the 
mediation of employee engagement at  (α≤0.05). 
H1.8: There exists a positive influence of the recruitment and selection on job performance through 
the mediation of employee engagement at   (α≤0.05). 

Fig (1) illustrates the conceptual model that maps the hypothesized pathways and relationships 
among various constructs related to Job performance. 
 

 

Figure 1: Conceptual Model 
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METHODOLOGY 

The study's design encompassed a combination of descriptive and analytical research methods to 
investigate the influence of human resource management practices on job performance quality in 
Jordanian public universities, with a focus on the roles of business intelligence and employee 
engagement. Targeting managerial staff across Jordanian public universities, the study achieved a 
high response rate with 429 valid questionnaires out of 450, which were distributed by hand, 
indicating comprehensive coverage. Rigorous data screening was conducted for validity and 
reliability, and analysis was performed using Smart PLS 4 and PLS-SEM, suitable for complex 
relational analyses. The study underscored the importance of clear variable definition, robust 
questionnaire design, pilot testing for initial assessment, statistical validity of the methods, and 
transparent methodology to ensure accuracy, clarity, and reproducibility of the research. Data was 
obtained using a questionnaire adopted from various researchers (Aggrawal& Potadar 2022; Alfes & 
Gatenby 2013; Iqbal et a.,l 2023; Kharitonova 2019; Manzoor et al.,  2019; Middleton 2017; Mira et 
al., 2019; Muchhal, 2014; Nadarajah et al. 2012; Naim & Lenka 2016; Pancic  & Serdarus ic  2023; Rotea 
et al., 2023  ; Taib & Hanafi 2018; Yuniarsih et al., 2022). The questionnaire was grounded in previous 
scholarly work and refined through expert review from the Jordanian universities, to ensure 
relevance and accuracy 

RESULTS 

Demographic characteristics 

Table 1 outlines the demographic characteristics of those who participated in this study from the 
Jordanian Public Universities at the managerial level. It includes information about gender, age, 
qualification, position, and experience. The data shows that the sample comprises a diverse group, 
with a majority of respondents being male (66.43%) and a significant female representation 
(33.57%). In terms of age, respondents are distributed across various age groups, with a notable 
portion falling within the 31-35 years and 36-40 years categories. The majority of the group, 
representing 46.62%, holds a Bachelor's degree. 23.31% of the group possesses Master's degree, 
which is significant. However, the proportion of PhD holders is notably high at 30.07%. This is 
particularly significant as it suggests that a considerable segment of the group has attained the 
highest level of academic qualification. In terms of experience, a considerable proportion have 5-10 
years of experience (50.58%), indicating a mix of junior and mid-level professionals in the sample.  

 

Table 1: Demographic Characteristics 

Variables  Categories  Frequency  Percentage  

Gender Female 144 33.57% 

Male 285 66.43% 

Age 30 years and blow 123 28.67% 

31-35 years 98 22.84% 

36-40 years 94 21.91% 

41-45 years 67 15.62% 

46-50 years 28 6.53% 

51 years and up 19 4.43% 

Qualification Bachelor 200 46.62% 

Master Degree 100 23.31% 

PHD 129 30.07% 
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Experience less than 5 years 81 18.88% 

5- less than 10 years 217 50.58% 

10-less than 15 years 71 16.55% 

15 years and up 60 13.99% 

 

THE MEASUREMENT MODEL 

Items related to various constructs, such as Planning (Plan1-5), Reward and Incentive (RewInc1-5), 
and Training and Development (Train1-5),  Business Intelligence (BInt1-5), Employee Engagement 
(EmpEng1-5), Recruitment and Selection (Recru1-5), Job Performance (JobPerf1-10), with a total of 
40 items were entered and assessed.in the model. Table (2) displays standardized outer loadings 
representing the strength of the relationship between items and their corresponding constructs in a 
Partial Least Squares Structural Equation Modeling (PLS-SEM) analysis using SmartPLS4. The 
loadings range from 0.60 to 0.88, with higher values indicating a stronger association between the 
item and the construct. To enhance the model fit, all items exhibiting outer loadings below 0.6 were 
removed. This step not only refined the model but also streamlined the data presented in table (2) 
and fig (2), ensuring that only the most relevant and impactful factors were included for analysis. As 
depicted in Figure 2, the model underwent a systematic refinement process. This involved the 
removal of one item each from the Recruitment and Selection, Training and Development, Business 
Intelligence, and Employee Engagement constructs. Additionally, two items were eliminated from 
the Job Performance construct. This resulted in a total of six items being excluded, streamlining the 
model to a more focused set of 34 items, thereby enhancing its fitness. 

Table 2: Standardized outer loadings of items on their construct 

Items Construct Regression 
weight 

Items Construct Regression 
weight 

BInt1 <- Business Intelligence 0.79 Plan2 <- Planning 0.79 

BInt2 <- Business Intelligence 0.8 Plan3 <- Planning 0.79 

BInt3 <- Business Intelligence 0.71 Plan4 <- Planning 0.66 

BInt4 <- Business Intelligence 0.85 Plan5 <- Planning 0.65 

EmpEng1 <- Employees  Engagement 0.65 Recru1 <- Recruitment and Selection 0.88 

EmpEng2 <- Employees  Engagement 0.83 Recru2 <- Recruitment and Selection 0.72 

EmpEng3 <- Employees  Engagement 0.74 Recru3 <- Recruitment and Selection 0.85 

EmpEng4 <- Employees  Engagement 0.6 Recru4 <- Recruitment and Selection 0.81 

JobPerf1 <- Job  Performance 0.61 RewInc1 <- Reward and Incentive 0.63 

JobPerf2 <- Job  Performance 0.65 RewInc2 <- Reward and Incentive 0.76 

JobPerf3 <- Job  Performance 0.68 RewInc3 <- Reward and Incentive 0.77 

JobPerf4 <- Job  Performance 0.81 RewInc4 <- Reward and Incentive 0.75 

JobPerf5 <- Job  Performance 0.73 RewInc5 <- Reward and Incentive 0.67 

JobPerf6 <- Job  Performance 0.77 Train1 <- Training and  Development 0.85 

JobPerf7 <- Job  Performance 0.7 Train2 <- Training and  Development 0.82 

JobPerf8 <- Job  Performance 0.65 Train3 <- Training and  Development 0.7 

Plan1 <- Planning 0.67 Train4 <- Training and  Development 0.63 
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Figure 2: Standardized outer loadings of items on their construct with regression coefficients R^2 

 

R-square 

Table 3 presents the R-square and adjusted R-square values for Business Intelligence, Employee 
Engagement, and Job Performance. These values, crucial in regression analysis, measure how well 
independent variables explain the variance in a dependent variable. Business Intelligence has an R-
square of 0.46, meaning 46% of its variance is explained by the model's independent variables, with 
an adjusted R-square also at 0.46. Employee Engagement's R-square is 0.44, with a slightly lower 
adjusted R-square of 0.43. Job Performance shows an R-square of 0.49, which remains unchanged at 
0.49 in the adjusted measure. 

Table 3: R-square and R-square adjusted 

 R-square R-square adjusted 

Business Intelligence 0.46 0.46 

Employees  Engagement 0.44 0.43 

Job  Performance 0.49 0.49 

 

Construct reliability and validity assessment 

The analysis of construct reliability and validity revealed several key statistics, underscoring the 

internal consistency and convergent validity of the variables in question. Cronbach's alpha, a metric 
assessing internal consistency reliability, ranged across variables, reflecting values above 0.7, 
indicative of satisfactory reliability levels. Similarly, composite reliability scores, encompassing both 
rho a and rho c metrics, varied between 0.69 and 0.89. These figures align with the conventional 
benchmark of 0.7, suggesting acceptable consistency across the constructs within the model. The 



 
 Alfadly et al.                                                                                                              The Role of Human Resource Management Practices 

200 

average variance extracted (AVE) further supported these findings, with most constructs exhibiting 
values exceeding the 0.5 threshold, denoting a considerable measure of variance attributable to the 
construct relative to the measurement error, and hence indicating strong convergent validity. These 
metrics collectively affirm the constructs' reliability and validity, underscoring the model's integrity 
for subsequent analyses. 
 
Discriminant validity evaluation 

In evaluating discriminant validity, the focus was on ensuring the uniqueness and distinctiveness of 
each construct within the research model. Discriminant validity was assessed by comparing the 
square roots of AVE values for each construct against the correlations between constructs. The 
analysis showed that for most constructs, the square root of the AVE surpassed its correlations with 
other constructs, affirming their discriminant validity. This outcome indicates that the constructs are 
sufficiently distinct and do not unduly overlap, reinforcing the model's conceptual clarity. 

Multicollinearity analysis (VIF) 

The investigation into multicollinearity, through the Variance Inflation Factor (VIF), highlighted 
minimal concerns regarding the overlap of independent variables within the model. The VIF values, 
predominantly fewer than 2.92, fall well below the cautionary thresholds of 5 or 10, suggesting that 
multicollinearity does not significantly compromise the model's analytical robustness. 

Model fit assessment 

The assessment of model fit, leveraging model fit indices from structural equation modeling (SEM), 
compared a saturated model and an estimated model. The Standardized Root Mean Square Residual 
(SRMR) values for both models were recorded at 0.07, indicating a commendable fit based on 
residual discrepancies. Despite this, the chi-square values suggested noticeable differences between 
the estimated and saturated models, a phenomenon not uncommon in complex models. The Normed 
Fit Index (NFI) values hovered around 0.7, suggesting a reasonable fit but also signaling room for 
refinement. This nuanced view of model fit highlights the balance between achieving an adequate fit 
and acknowledging potential areas for model enhancement. 

Bootstrapping  

Bath coefficients 

Table 4 presents the bootstrapped path coefficients along with their corresponding p-values for the 
relationships between different variables in the model. The path coefficients represent the strength 
and direction of the relationships between the variables, while p-values indicate the statistical 
significance of these relationships. All path coefficients are in the range of 0.04 to 0.33. The p-values 
for all coefficients are less than 0.05, indicating that these relationships are statistically significant, 
except for the path from Planning to Job Performance (p = 0.39), the path from Recruitment and 
Selection to Job Performance (p = 0.13), and the path from Reward and Incentive to Job Performance 
(0.23),  which are not statistically significant at the 0.05 level.  

Table 4: Bath coefficients 

 Original 
sample (O) 

T statistics 
(O/STDEV) 

P  
values 

Business Intelligence -> Job  
Performance 

0.22 4.3 0.00 

Employees  Engagement -> Job  
Performance 

0.28 5.06 0.00 

Planning -> Business Intelligence 0.26 4.95 0.00 
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Planning -> Employees  
Engagement 

0.22 4.15 0.00 

Planning -> Job  Performance 0.04 0.85 0.39 

Recruitment and Selection -> 
Business Intelligence 

0.14 3.3 0.00 

Recruitment and Selection -> 
Employees  Engagement 

0.19 4.09 0.00 

Recruitment and Selection -> Job  
Performance 

0.08 1.5 0.13 

Reward and Incentive -> Business 
Intelligence 

0.18 3.76 0.00 

Reward and Incentive -> 
Employees  Engagement 

0.16 3.79 0.00 

Reward and Incentive -> Job  
Performance 

0.05 1.21 0.23 

Training and  Development -> 
Business Intelligence 

0.33 7.36 0.00 

Training and  Development -> 
Employees  Engagement 

0.32 6.9 0.00 

Training and  Development -> Job  
Performance 

0.23 5.47 0.00 

 

Total effect 

Table 5 presents the total effect of various predictor variables on Job Performance in the model. 
These total effects represent the combined direct and indirect influence of each predictor variable on 
the outcome variable, Job Performance. The "Original sample (O)" column shows the strength of 
these total effects, with values ranging from 0.14 to 0.39, indicating the degree to which each 
predictor affects Job Performance. The T statistics and p-values indicate the statistical significance of 
these total effects, with all p-values being less than 0.05. These results suggest that Business 
Intelligence, Employee Engagement, Planning, Recruitment and Selection, Reward and Incentive, and 
Training and Development all have statistically significant total effects on Job Performance. This 
implies that these factors, either directly or indirectly, play a role in influencing an individual's job 
performance, highlighting their importance in the the model. 
 

Table 5: Total effect 

 Original 
sample (O) 

T statistics 
(|O/STDEV|) 

P 
values 

Business Intelligence -> Job  
Performance 

0.22 4.3 0.00 

Employees  Engagement -> Job  
Performance 

0.28 5.06 0.00 

Planning -> Business Intelligence 0.26 4.95 0.00 

Planning -> Employees  
Engagement 

0.22 4.15 0.00 

Planning -> Job  Performance 0.16 3.32 0.00 

Recruitment and Selection -> 
Business Intelligence 

0.14 3.3 0.00 

Recruitment and Selection -> 
Employees  Engagement 

0.19 4.09 0.00 

Recruitment and Selection -> Job  
Performance 

0.16 3.08 0.00 
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Reward and Incentive -> Business 
Intelligence 

0.18 3.76 0.00 

Reward and Incentive -> 
Employees  Engagement 

0.16 3.79 0.00 

Reward and Incentive -> Job  
Performance 

0.14 3.06 0.00 

Training and  Development -> 
Business Intelligence 

0.33 7.36 0.00 

Training and  Development -> 
Employees  Engagement 

0.32 6.9 0.00 

Training and  Development -> Job  
Performance 

0.39 8.81 0.00 

 

Indirect effect 

Table 6 shows that the impact of s "Training and Development on Job Performance through Business 
Intelligence is statistically significant as P value is below 0.05 which implies a negligible probability 
that the observed positive effect is due to chance, confirming the reliability of the finding. Similarly, 
for "Recruitment and Selection -> Business Intelligence -> Job Performance" and "Reward and 
Incentive -> Business Intelligence -> Job Performance," P values of 0.01 also denote statistical 
significance, though slightly lower compared to instances with a P value of 0.00. 
 

Table 6: Business Intelligence and Employee Engagement 

Hypoth
eses 

PATH 
Original 

sample (O) 
P values Status 

H1.1 
Training and  Development -> Business 
Intelligence -> Job  Performance 

0.07 0.00 Accepted 

H1.2 
Planning -> Business Intelligence -> Job  
Performance 

0.06 0.00 Accepted 

H1.3 
Recruitment and Selection -> Business 
Intelligence -> Job  Performance 

0.03 0.01 Accepted 

H1.4 
Reward and Incentive -> Business Intelligence -> 
Job  Performance 

0.04 0.01 Accepted 

H1.5 
Planning -> Employees  Engagement -> Job  
Performance 

0.06 0.00 Accepted 

H1.6 
Reward and Incentive -> Employees  
Engagement -> Job  Performance 

0.04 0.00 Accepted 

H1.7 
Training and  Development -> Employees  
Engagement -> Job  Performance 

0.09 0.00 Accepted 

H1.8 
Recruitment and Selection -> Employees  
Engagement -> Job  Performance 

0.05 0.00 Accepted 

 

Testing hypotheses 

Table 10 is pivotal in testing hypotheses about the indirect effects of Business Intelligence and 
Employee Engagement on Job Performance. It shows how "Training and Development," "Planning," 
"Recruitment and Selection," and "Reward and Incentive" influence Job Performance through these 
mediators. The table's findings highlight that the impacts of these factors through Business 
Intelligence and Employee Engagement are statistically significant, with P values below 0.05, 
ensuring confidence in the observed effects, signifying notable significance. Additionally, Table 10 
includes hypotheses H1.1 to H1.8, detailing their paths, statistical measures, and outcomes. 
Hypotheses H1.1 to H1.4 confirm the substantial impact of various factors on Job Performance via 
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Business Intelligence, as indicated by their low P values. Similarly, H1.5 to H1.8 demonstrate 
significant effects through Employee Engagement, all with P values at 0.00, underscoring the positive 
influence of the examined factors on Job Performance via this pathway. 
 

DISCUSSION 

The analysis highlights the positive and significant indirect effects of various predictors like Planning, 
Recruitment and Selection, Reward and Incentive, and Training and Development on Job 
Performance. Additionally, it demonstrates the substantial total effects of Business Intelligence, 
Employee Engagement, and other HRM practices on Job Performance through both direct and 
indirect pathways. These results offer strong evidence of the model's validity and suggest effective 
strategies for enhancing Job Performance via Business Intelligence and Employee Engagement 
interventions. More importantly, the study underlines the importance of HRM practices in enhancing 
job performance, consistent with previous research. For instance, Al-Wahshi and Afaf (2020) 
highlighted that HRM practices positively influence the behavior, attitudes, and performance of 
individuals within an organization. This aligns with the study's emphasis on the strategic integration 
of HRM practices to improve job performance quality. 

The study proposes business intelligence as a mediating factor in the relationship between HRM 
practices and job performance. This notion finds resonance in the work of Hurbean & Danaiata 
(2023), who described business intelligence as a combination of processes and tools used for data 
transformation into organizational intelligence. The study’s suggestion that business intelligence 
mediates the impact of HRM practices on job performance is a novel application in the context of 
Jordanian universities, extending existing theories. Similar to business intelligence, the study posits 
employee engagement as a crucial mediator. This is in line with the findings of Jiang & Shen (2023), 
who emphasized the role of employee engagement in improving organizational performance. The 
study’s focus on employee engagement as a pathway through which HRM practices influence job 
performance is supported by the broader literature, suggesting a consistent pattern across different 
organizational contexts. The study’s contextual focus on Jordanian public universities provides a 
unique perspective, considering the rapid expansion of higher education in Jordan and the associated 
HRM challenges. This aspect may slightly contrast with general HRM theories that are often derived 
from Western corporate contexts, indicating the need for contextual adaptation of HRM practices. 

CONCLUSION  

The study's findings have important implications for academia and practical application within 
Jordanian public universities. These consequences include the emphasis of HRM strategies like as 
recruitment and selection, reward and incentive, and training and development as critical drivers of 
job performance. Furthermore, the study underscores the transformative potential of using Business 
Intelligence for informed decision-making and the vital role of Employee Engagement in encouraging 
Job Performance. Furthermore, it emphasizes the necessity of a holistic approach across all HRM 
functions and advocates for specialized interventions in specific HRM domains to solve identified 
deficiencies. Finally, the study provides direction for policymakers and university leaders in 
developing human resource policies and strategies that align with the ultimate goal of enhancing job 
performance in Jordan's higher education sector. These findings, in fact, give a thorough roadmap for 
Jordanian public universities to improve Job Performance quality through improved HRM practices, 
effective Business Intelligence utilization, and a constant commitment to cultivating Employee 
Engagement. 

Subsequent research should focus on broadening its geographical and sectoral reach, potentially 
encompassing private entities. Additionally, integrating qualitative approaches, could provide more 
profound understanding of HRM practices, Business Intelligence, and Employee Engagement. Equally 
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crucial is the investigation of additional mediating or moderating factors, like organizational culture 
or leadership styles, to further clarify how HRM practices interact with job performance outcomes. 
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